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e T>1—A = CNN

e TOA—H = fNN(fPhys(ZPhys)»ZNN)
- fyn = U-Net
— fpnys = Gaussian profile, zppys = [a, b, 0,1]
v a & b = semi-major/minor axes of ellipse, 6 =tilt, I = intensity
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* More information:

— preprint available at https://arxiv.org/abs/2102.13156

— Takeishi & Kalousis, Physics-integrated variational autoencoders for robust and
interpretable generative modeling, to appear in NeurlPS 2021
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